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1. Machine Learning Application in cfDNA Analysis to Achieve Tumour
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2.Utilizing U-net for Retinal Vessel Segmentation to Differentiate Between
Different Ocular Health States
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4.How U-Net performs on dataset of breast cancer’ s diagnosis?
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Machine Learning Application in cfDNA Analysis Eye image classification--Further applications

Eye image disease classification model

to Achieve Tumor Assessment developed based on deep convolutional neural network Keras framework

Implement breast cancer prediction models through machine learning
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1 Methodology

IMAGE IMAGEPRE: FEATURE EXTRACTION AND IMAGE COMPARISON
) IMAGE SEGMENTATION BY
ACQUISTION PROCESSING UNET CLASSIFICATION OF MODELS

B Process B Result
Input test Gmy image Tumour prediction
v 0 ; T
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o » Overall accuracy
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How U-Net performs on dataset of breast cancer’s diagnosis.
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Professor of Biomedical Engineering, University of
Cambridge

Head of Mechanics, Materials and Design Group,
Department of Engineering, University of Cambridge
Director of Studies in Engineering, St Catharine's
College, Cambridge
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Full Professor, Department of Computer Science,
University of Cambridge, UK

Member of the Artificial Intelligence group, University of
Cambridge, UK

Fellow and member of the Council of Clare Hall College

Member of the Artificial Intelligence group, Cambridge

Centre for Al in Medicine, University of Cambridge, UK
UM KZITBENRZE RHR

SR ZE AT E /N B DA R
REUVNHRZALEEEZFOALEREER

g, IREIHE PR

ZAR: NAHELCRSRE

RIBIEH: MBEAIUED

HMERSGHRSE: FEMATHREFBELIEZRE, BRERERSE, AXEZEAZAS
INMEF BT RERFHRIFRAFLERER,

Page 9 of 10



=& MEZERAS RIFER

—. IMBE%HA
BE{AI5 B % B8 &8 riE <&M
* FHHES

FELREBAFXHEA. REBTEMEEZIREL BEFER. FREABE. K%ﬁm
RERSHBEA. WIFAZZEESEER. FHRENRE (A—EFLEE5FE) . B
BAEENER. TIERNEDR, BEiMED R HENEERNRES,

* FEHRAER:

RRERNESR. SRR, BREDER. BREDNERREMEA (USRI
Hﬁjjlﬁ) o

FHIEZEK

* REZFFMH, FEERKEERENGARASM

* ZBEEJDAFIELTS 6.0 / TOEFL 804, #IRZShul LZEi, FIRRCET4-6H4 /S
ZRXWEHEASE

* BEEZIER, RRIBEZPAEKRTHIEREREZ
* BLSHA, TEBIBTMARAD B A% HE,

Page 10 of 10



